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What factors make job postings more visible and increase application rates,
and how can job seekers use these insights to improve their job search?
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SUMMARY OF STEPS

Merging Dataframes

Merging
All 5 datasets were imported as Dataframes and merged together
Dataframes using Job ID. Subsequently, some Data Columns were dropped.
Imputing Imputing Missing Data
.. Data Columns with Missing Data were imputed using various

Missing Data techniques such as median, interpolate, etc.
Feature Feature Engineering

. . New Features were created to summarised certain data columns
Englneerlng which aided in Data Analysis.
Removing Removing Outliers

. Outliers from normalised salary were removed using the IQR Method
Outliers to prevent inaccurate Data Analysis.
Data Analysis Data Analysis & Visualisation

. . . Data Analysis and Visualisation were conducted on the cleaned data
& Vlsuallsatlon which showed proportions and relationships




DATA WRANGLING &

ANALYSIS USING PANDAS

IMPUTING MISSING DATA REMOVING CORRECTING DATA
=2 DUPLICATED DATA TYPES

Missing Values

company_name 1719 company_name

title 0 title duplicatesCount = merged_df.duplicated().sum() company_name DbjECt
title object
max_salary 94056 max_salary duplicateSummary = pd.DataFrame({ Count”: [ 'Duplicated Rows"] mElx_Salar‘y floatb4d
pay_period 87776 pay_period 0 pay_period object
e (b} location object
. : f val - 0:
location 0 e 0 views floate4
. p— 1689 views min_salary floate4d
S 0 formatted work type object
in_sal 94056 min_sala :
min_safary = duplicateSummary = duplicateSummary.style.map(colour code, subset=['Count’] EPP]- 1es floate4
formatted_work_type 0 formatted work_type remote allowed floatka
. duplicateSummary application type object
applies 100529 applies 0 - ] == .
Coaat expiry floated
remote_allowed 108603 remote_allowed Duplicated Rows | 77 formatted_experience level object
. listed ti floate4d
application_type 0 application_type 0 TEes 1"_12 o8
merged df - merged df.drc tes() dty’pe . EII'J:I ect
expiry 0 expiry 0

duplicatesCount = merged_df.duplicated().sum()

formatted_experience_level 29409 @ formatted_experience_level company_name object
listed time 0 listed time 0 duplicateSummary = pd.Dat duplicatesCount ]}, index title Ubj ect
max_salary int64

pay_period object

location object

_______ views int64

min_salary int64

formatted work type object

duplicateSummary = duplicateSummary.style.map(colour code, subset=|’ Epp]‘ ies int64

remote_allowed int64

T TE et mter application_type object

expiry datetimebd[ns]

Count formatted experience level object

Duplicated Rows ) listed time datetimebd[ns]

dtype: object



DATA WRANGLING &

stanpArDIsING ANALYSIS USING PANDAS

FORMAT FEATU RE max_salary_normalised = max_salary (Monthly Pay) x 12

pay_period_counts.columns [ 'pay_period’, "count"]

max_salary normalised = max_salary (Biweekly Pay) x 26

max_salary_normalised = max_salary (Weekly Pay) x 52

pay_period_counts pay_period counts.set index("pay_period®)

pay_period_counts

max_salary_normalised = max_salary (Hourly Pay) x 40 x 52

count
pay_period
YEARLY 108373 min_salary_normalised = min_salary (Monthly Pay) x 12

HOURLY 14703

MONTHLY 516

WEEKLY 171 min_salary_normalised = min_salary (Biweekly Pay) x 26
BIWEEKLY 9
merged df[ 'pay_period'] = merged df[pay period’].replac (“E[”lr YELIi: I‘:Irnl ”L), IanLE.ala.ry_ﬂDrma]jsed _ m_m_sa]ary (Week]}r Pa}r) « 52
pay_period_counts - merged_df[ ‘pay period’].value_counts().reset_index()
pay_period_counts.columns = ['pay_period’, 'count'] min_salary_normalised = min_salary []E[l::ll.lﬂj{,r Pajr) x 40 x 2
pay_period_counts - pay_period_counts.set index('pay period’)

postingDuration — expiry — listed_time

pay_period_counts

count
pay_period
Yearly 97690 salaryRange — max salary normalised — min_salary normalised
Hourly 14342
Monthly 485
Weekl 170 i . A ].I.ES
- applyViewRatio = P:P
Biweekly 3 views



DATA WRANGLING &
ANALYSIS USING PANDAS

OUTLIERS REMOVAL (IQR) OUTLIERS REMOVAL (Z-SCORE)

zScorelf[ [ 'min_salary normalised’', 'max salary normalised’, 'salary range']].describe{)

IQRdf[ [ 'min_salary_normalised’, "max_salary normalised’, 'salary_range’]].describe()

] e T e min_salary_normalised max_salary_normalised salary range

count 112696.000000 112696.000000 112696.000000 count 120527.000000 120527000000 120527.000000
. 62684 301280 10040556193 28056 254854 mean 86961.540252 118751919338  31790.379085
wa 1304400734 AA304.099748  10996.453740 std 38903.629858 53433.127356 24136359517

min 1.000000 1.000000 0.000000 min 1000000 1000000 0.000000

25% 58846750000 78333.000000 13334000000 e SLILALLLLI SLLLSLLLLLA) et L b
50% 78750.000000 106250.000000  23324.000000 0% 80521.000000 110296.000000  25000.000000
S 103000000000 140000000000 39785.000000 75% 107263.500000 149800.000000  43200.000000
365533.000000 383333.000000 123534.000000

181881.000000

252333.000000

85000.000000

invalidValues - merged_df

(val):
if val 0:

invalidValuesDf invalidValuesDf.style.ma

invalidValuesDf

Negative Values

max_salary_normalised 0
min_salary_normalised 0
views 0
0

applies

.1t(0).

invalidValuesDf - pd.Dat ({ 'Negative Values': invalidValues.values}, index invalidValues.

(colour_code, subset=['Negative Values'])

0]

fex)

VALIDATING
NUMERICAL DATA



DATA VISUALISATION
USING MATPLOTLIB

JOB POSTING DURATION JOB TYPE PROPORTION

Proportion of Remote vs Non-Remote Jobs

Job Posting Duration

VIEWERS TO
APPLICANTS RATIO

Proportion of Job Viewers Who Applied
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DATA VISUALISATION
SING MATPLOTLIB

APPLY-TO-VIEW RATIO
ACROSS SALARY RANGES
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SALARY INSIGHTS ACROSS EXPERIENCE
LEVEL AND APPLY-TO-VIEW RATIO

Max Salary Normalised Across Experience Levels
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DATA VISUALISATION
USING MATPLOTLIB

WORK TYPE PROPORTION APPLY-TO-VIEW RATIO
ACROSS EXPERIENCE LEVEL BY WORK TYPE

Average Apply-to-View Ratio by Work Type

Proportion of Remote vs On-Site Jobs by Experience Level

Work Type '
3 On-Site

- 88  POSTING DURATION
RELATION TO APPLY-
O e TO-VIEW RATIO

Posting Duration vs Apply-to-View Ratio
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KEY INSIGHTS GATHERED

JOB POSTINGS TYPICALY LAST FOR 1 MONTH

NOT ALL VIEWERS ARE APPLICANTS

VERY FEW COMPANIES OFFER REMOTE WORKING ARRANGEMENTS
LOWER AND HIGHER SALARY RANGE HAS MORE APPLY-TO-VIEW RATIO

HIGHER EXPERIENCE LEVEL POSITIONS PAY MORE BUT HAVE LOWER APPLY TO VIEW
RATIO AS COMPARED TO LOWER EXPERIENCE LEVEL POSITION

REMOTE WORK ARE EXTREMELY RARE FOR INTERNSHIP AND HIGHER EXPERIENCE
LEVEL POSITIONS DESPITE HIGH DEMAND.

THERE ARE MORE APPLICANTS FOR REMOTE WORK ARRANGEMENT THAN ON-SITE
WORK ARRANGEMENT

JOB POSTINGS HAS HIGHEST APPLY-TO-VIEW RATIO ON 120 DAYS OF POSTING
DURATION.



THANK YOU
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